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Aiming at assisting real-fime maritime surveillance and

safety, VesselVision is an online Mobility Data Analytics

e et e ettt eeeeeeeeaaaaaeeeee ‘ (MDA) framework monitoring Vessel Collision Risk Assessment

: 2 ' (VCRA) over vessels detected to be in an encountering

UI Module process.
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Kafka Topic v AlS Data Preprocessing

Record deduplication (At < 1 sec.)
Noise elimination (speed. . > 50 knots)
Temporal alignment (sampling rate = 30 sec.)

v Vessel Encountering
Discovery of encountering vessels wrt. Collision Risk Index (CRI)

Model Training (offline)

Module Il: Model Training (offline)

Data Harvesting and Processing (online)
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Tc.eansed v VCRA Model training = MLP-VCRA (Tritsarolis et al. 2022)
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R Input: AlS feed; Encountering Vessels (with CRI) feed
+nat::ﬂgat §g gggg‘ﬁeam v VA-oriented = ST_Visions (Tritsarolis et al. 2021)
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